
❑ Coefficients are sent through a 
K-Nearest Neighbors algorithm 
to determine type of cough.

❑ Three major types of cough: 

○ Dry, Wheezing, and Productive.

❑ Results are sent back to the user.
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Goals

 ❑ Create a mobile application that will record a cough and provide 
an in-depth analysis based on the cough waveform.

❑ Use feature extraction and machine learning to determine the 
type of cough recorded by the user and its severity. 

Method 

Results 
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Mobile Application for Cough Classification

Research Challenges
❑ What types of differentiable coughs are there?

❑ What features can be extracted from a cough waveform? 

❑ How will the algorithm be accurate in diagnosing a cough?

❑ How are samples obtained to train the algorithm?

Motivations and Objectives

❑ People who travel frequently or those who are new parents 
may not be able to visit their regular doctor.

❑ Physicians have many appointments with patients who may 
not have a severe ailment. 

❑ Those who do not have insurance may not be able to afford a 
visit to the doctor.

❑ Android application records user 
cough and sends it to 
MATLAB-based TCP/IP server in 
.wav format.

❑ MATLAB instance on computer 
processes the raw data and 
obtains Mel Frequency Cepstral 
Coefficients (MFCC).

❑ IRB approval allowed for acquisition of clinical samples.

❑ Improvements: identify more training samples and evaluate alternative learning algorithms.

❑ Tests using the Urban Sound Dataset[7] resulted in accuracies of about 70%.

❑ Additional training data will allow for more accurate classification.
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